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# 1 AT — 5 OE
Table 1 Dataset for training.

A4 T TR | FEREL | 7 VEL | Subject | Activity | Object | Date | Time | Location

SIHFETY 7V | 98 2554 2296

705 891 93 58 76

F 2 JCENEHE T OV OHERTRSEE
Table 2 Accuracy of labeling.

‘ Subject ‘ Activity‘ Object ‘ Date ‘ Time

‘ Location ‘ Weighted Average

Precision | 76.92% | 90.80% | 87.52%

Recall 79.86% | 88.36% | 76.37%

F-measure | 78.36% | 90.26% | 81.56%
XARID #HOE(F5ID RER fEID BESAN
(Context ID) (Dependency ID) (Surface) (POS ID) (Event Label)
o 1 2014 48 B-Date
0o 1 F 53 I-Date
1 2 5 48 I-Date
1 2 A 38 I-Date
2 3 21 48 I-Date
2 3 H 53 I-Date
3 7 13 48 B-Time
3 7 - 36 I-Time
3 7 14 48 I-Time
3 7 =2 38 I-Time
3 7 (< 13 o
4 7 AH 43 B-Subject
4 7 ES 44 I-Subject
4 7 i 44 I-Subject
4 7 " 13 o
5 6 vz 38 B-Location
5 6 A 38 I-Location
5 6 T 24 o
6 7 I-2b 38 B-Object
6 7 17> 38 I-Object
6 7 (< 13 o
7 1 E#H 36 B-Activity
Z 1 & 31 I-Activity
7 1 h 32 I-Activity
7 1 ke 25 I-Activity

3 AT — 5 ofl
Fig.3 Example of training data.
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48.03% | 61.31% 85.07%
81.48% | 83.33% 83.33%
60.44% | 70.64% 84.19%

HIEVE T SOV OHENKEEE OV & & TD T VTS
BHEMREE A R T IMEFY &2 £ 2 (TR,

10 A 3 HICISM S N80 7 & v oitd 13
PRICEEND 98 WHAX G L Lz Zh, M2 DL
ICETIELWINY Y TETWDLEE 10 7
THhHotz. LoL, MEFETEELY M) T VES
FEEICPETE T RLLTY, HOMII ) 7L
AP T & T, B CEMERE 217, FB
W7o 7% METAIENTEL, RIfFETIET
D@ Property T¥AI7-3 / — F TSNS 2 b
V7NV TERT 5 577 7 2 EL, T 55
5777 EHWCZ - ARFTREL TS, Z0
729, 2 M) TV E LD 2 — ARFIGFEL TR
P77 7MFERWRETH D, 272, BE
FEH O HEFRT S Linked Data DA F —<DIGAEIT
Property:Activity @ N TIVHSHAGFT & 2 WAL
W SCERGERR AT, EUES 7T 7 OREAT
Ew,

3.2 FEUEH T 7T DIRR

Za— ARFEEHEET L7201, L DML
DELE M) TN ELDEHG T T R ENT 57T
TEERTE. wEN) IVOEHET IIHWEY S
Ol M) TSRS 7T 7R L, WHO#MLE
FEF T HMWEED D DWEED —HT 5 MY TUDAHAE
T LG T T 7 R RET S, T — L Linked Data
DOERGF 77 7 L ¥ T H = 2 — AFEH Linked Data 4
DG 7T 71O =2 — ARl E L —FIHE T
5. RETHEOWMER 1 128V T — VI Linked
Data WD “AHEA (Subject)” & Fik & $ 57
7T 7 & =2 — A5% Linked Data IO “F I EH]
(Subject)” # FEEL T HED 7T 7OEWEB LT 5.
oG 77 71E MY TV R E 7z (Activity)
— Property:Object > 7 —2Z ;{4 L7 (Object) |
L0, B N) TV THLEVRSL, T2, 5%
LMY TVOEETH L [FE Sz (Activity)] &



S EMEOESRM) L= g vilHEOdFal—var—Yo v b

Algorithm 1 J{E %77 7 135 Search Subgraph
Input: UserGraph, NewsGraph
Output: All_Subgraph
1: function PARTIALSEARCH(u-graph, n_graph)
for all u_triple € u_graph do
for all n_triple € n_graph do
if PARTIALMATCH(u-triple, n_triple) then
Push n_triple into array X
end if
end for

=W N

end for

© 00w N D w

return X

10: end function

11:

12: function COLLECTSUBGRAPH(news_triple, X)
13: for all x € X do

14: Push news_triple + x

15: into array Subgraph

16: end for

17: return Subgraph

18: end function

19:

20: for all user_triple € UserGraph do

21: for all news_triple € NewsGraph do

22: if SIMTRIPLE(user_triple, news_triple) then
23: u_graph «— CollectGraph(user_triple)
24: n_graph «— CollectGraph(news_triple)
25: X « PARTIALSEARCH(u_graph,n_graph)
26: Push COLLECTSUBGRAPH(news_triple, X)
27: into array All_Subgraph

28: end if

29: end for

30: end for

31: return All_Subgraph

&t b)) 7V [EEFE — Property:Activity — i &
n7z (Activity) | THD—ET 5. ZDL &, Za—
AfeH Linked Data ®#%24 M) 7V O FFEHGE [F
JIIEH (Subject)] THA. L E2SHUT 5857
7 7% I E.7] (Subject) — Property:Activity —
H &7z (Activity) — Property:Object =7 — A k
A L7~ (Object) ] IZ#ED =2 — ZFHF (Z0HE,
[FINEFIST —A MM LT GRS N]) 21—
WIHEE T 5.

Linked Data OFBH T 77 7 2 WfGF$ 57200
T T A L% Algorithm 1 IZ/RT. L —HF DIE
Iif Linked Data P b 1) 7V user_triple DE A %
UserGraph, =1 — A7t9+ Linked Data N k1) 7 )L
news_triple D&EE% NewsGraph & L, ThZNhx A
JMEE T 5. 3, user_triple & news_triple 75D
@ Linked Data ] T—33 5 M) TV ThHBENE ) »
% SIMTRIPLE\ZX ) Fxv 7 ¥ 5. SIMTRIPLE
I3 Algorithm 2 THE~X2%, —FH T4 ) TV THo

Algorithm 2 —% b ') 7 )VHiZE Search Triple
Input: u_triple, n_triple

Output: Bool

1: function SIMWORDS(u-word, n_word)

2: if u-word == n_word then

3: return True

4: end if

5: if WORDNET(u-word, n-word) then

6: return True

7 end if

8: if JACCARD (u-word, n_word) > 0.5 then

9: return True

10: end if

11: return False

12: end function

13:

14: function SIMTRIPLE(u_triple, n_triple)

15: if u_triple.property ! = n_triple.property then
16: return False

17: end if

18: if SIMWORDS(u-triple.subject, n_triple.subject) then
19: if SIMWORDS(u-triple.value, n_triple.value) then
20: return True
21: end if
22: end if
23: return False

24: end function

WA, S MN) T VoOEEEIIEHNEYED
U T NVESE CollectGraph 12 X VHUEL, Z1
EM u_graph, n_graph &3 %. PartialMatch 2L 1)
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Table 3 Dataset for news article Linked Data.

AT AT 4% LS |/ — FE | 7 NVE | Subject | Activity | Object | Date | Time | Location
FIHHB T %)V | 6801 | 23362 24202 7396 5015 9288 | 1138 | 815 550
NHK NewsWEB | 8201 3563 3655 830 657 1685 | 174 | 156 153

# 4 2—¥IELf Linked Data @7 — % v I
Table 4 Dataset for users’ preference Linked Data.
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Subject | Activity | Object | Date | Time | Location
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Fig.4 Example of common subgraph.
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