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Abstract In nursing homes and homes, Behavioral and Psychological Symptoms of Dementia (BPSD) that developed by
people with dementia not only impose a heavy burden on family members and caregivers but also give the individuals themselves
negative impacts. In this study, we used 10T technology to collect data from environmental and vital sensors at multiple nursing
homes, and based on the data, we estimated BPSD using gradient boosting decision trees (GBTD), a machine learning technique,
and CNN, a type of DNN. As a result of evaluation experiments using approximately five months of data, we were able to
demonstrate the possibility of estimating the onset of BPSD for the method using GBDT.
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